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Research on the phased algorithm of Tibetan chess " Jiu"
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[ Abstract] Tibetan Jiugi is a new chess type in the 2019 China Computer Game Championship. Prior to this, there were relatively
few researches on the game strategy of this chess type at home and abroad. Based on the large differences in rules and objectives
between the two game stages of Jiuqi, this paper proposes a staged game strategy : current stage, taking into account the factors that
have no obvious win or lose judgment, an improved Monte Carlo tree search algorithm is proposed based on relative wins and losses
to obtain the best move point; in the chess—moving stage, considering that the chess—moving method in the process will have a
certain impact on the subsequent simulation position, an improved Alpha-Beta pruning search algorithm with process scores is
proposed to get the best chess plan. In the process of simulating the game tree with the above algorithm, current stage is prioritized
to focus on the central area, and the chess-playing stage prioritizes the formation of a comprehensive valuation strategy, and a
complete valuation evaluation table is given. The experimental results show that the game program achieved by using the above—
mentioned game strategy and valuation table has higher chess power.
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Fig. 2 Traditional Alpha-Beta algorithm
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Fig. 4 Final assessment of the situation in the current stage
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Fig. 6 The chessboard after the continuous jump
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Fig. 8 The chessboard after single jump into a square
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