F11% E2H
Vol.11  No. 2

g

B it HE Nl 5 E A
Intelligent Computer and Applications
XERS: 2095-2163(2021)02-0093-05

2021 42
HE 5 %S TP391

XERiRAERD:A
BT UM 45 0 N BT D R F R

RyEH, BFIE , MER
> B PR SRR T
1#

b AN
=, FHA
A
SRS

(EBTIERAKXE IMEREIEFR, LiE 201620)

W E: TABHARNRRAGRIE XN SR L2 ek RREAR, ERANSEIRER RERERARI. A
KW : TN AT DI 2% Rtk

SCETERTFE—FRE T RERAME R A TC N B AT W SRR, RIERPEDRSR, AR ARSCHE R . 57 1 2% T DL A J4 9 265 it fh -7
st N RN SR THZALRE I AR T RETT

e, TR L KRG RE, TRAT SR A RIAEREAS A slORi 3 0 SR IS DL T

Research on unmanned driving behavior decision

LIANG Yaozhong, LV Zezheng, CHONG Yuxiang

improved.

(School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)
explore and develop a self—driving car decision model based on causal reasoning, that is, rational decision-making, not related

[ Abstract] The decision-making system of an unmanned driving system is a key technology that determines the safety and stability

0

of an unmanned vehicle, which is a manifestation of the degree of intelligence of an unmanned vehicle. This research aims to

reasoning. The paper establishes a decision model based on Bayesian network and reinforcement learning, combined with the
=]

characteristics of deep learning and rule—based expert systems, and deeply studies the decision model to improve the adaptability of
complex scenarios when there are fewer samples or partial missing data. Generalization ability and transfer learning ability are
[ Key words] unmanned driving; behavioral decision; Bayesian network; data loss
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Fig. 1 Decision - makmg flow chart of unmanned driving
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Fig. 2 Schematic diagram of driving scene relationship
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Tab. 1  Conditional probability table of vehicles, obstacles and

pedestrians around unmanned vehicles

EgoVehicle Pedestrian  Keep Decelerate Accelerate Stop ~ TurnToRight

E, OnLane 0 0 0 100 0
E, NotOnLane 20 20 20 20 20
E, OnLane 0 10 0 90 0
E, NotOnLane 100 0 0 0 0
E, OnLane 0 10 50 10 30
E, NotOnLane 0 10 50 10 30
E, OnLane 0 80 0 20 0
E, NotOnLane 10 80 0 10 0
E OnLane 0 0 0 100 0
Es NotOnLane 0 0 0 100 0
Eg OnLane 0 30 0 70 0
Eg NotOnLane 0 0 0 10 90
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