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[ Abstract] Due to the presence of strong background noise in the background of infantry fighting vehicles, the accuracy of
password recognition is not only affected, but also the clarity of background monitoring of command post is reduced. In order to
improve the voice quality, this paper carries out enhanced processing of password data. To this end, this paper puts forward a lift
decoding the convolutional Neural Network (happens Decrease Encoder Decode Convolution Neural Network, IDEDCNN) , which
is the speech enhancement algorithm. In this algorithm, the input speech signal is preprocessed, the Fourier amplitude spectrum
features are obtained, and eight adjacent frames of speech signal are taken as network input, model of adjacent frames of voice
signal is modeled through the use of the encoder to extract context information. The decoder is used to mine the connection between
the speech frame and the context information so as to realize the purpose of speech enhancement. Experimental results show that this
algorithm can achieve better speech enhancement effect.
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Fig. 1 Speech enhancement system
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Fig. 3 Noise speech password data waveform
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Fig. 4 FCN enhanced voice password data waveform
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Fig. 5 IDEDCNN enhanced voice password data waveform
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