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[ Abstract] The training of neural machine translation often relies on large—scale parallel corpora, but not all language pairs have
sufficient parallel corpora. In order to alleviate the problem of the lack of parallel corpora in neural machine translation,
unsupervised neural machine translation is proposed to model translation relying solely on monolingual corpora with the help of a
combination of diverse mechanisms such as unsupervised pre—training strategy, denoising auto-encoder, back —translation, and
shared latent representation. This paper analyzes unsupervised neural machine translation from the perspective of model mechanism
and training process, and introduces the advances and challenges of unsupervised neural machine translation at the present stage.
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Fig. 1 The training process of unsupervised neural machine

translation
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