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Fitness exercise training system based on Kinect v2.0
LIU Changxi, FU Shaofeng
(School of Computer Science and Technology, XiDian University, Xian 710126, China)

[ Abstract] In order to reduce the influence of subjective factors in fitness training guidance and promote the standardization and
standardization of fitness exercises, it is proposed to use Kinect to obtain the movements of the main joints of the human body, and
further convert them into line diagrams that represent sports. Feature points were obtained using Harris corner detection, feature
matching was performed based on MOPS descriptors, and equal feature point proportion segmentation methods were used to analyze
and calculate various indicators to provide effective suggestions for students. The experimental results show that for a series of
continuous actions, the comparison results are better in detail than the artificial comparison.
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Fig. 2 Kinect human joint diagram
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Tab.1 Joint number and name

4 B> KA
0 0 SpineBase
4 1 ShoulderLeft
5 2 ElbowLeft
6 3 WristLeft
7 4 HandLeft
8 5 ShoulderRight
9 6 ElbowRight
10 7 WristRight
11 8 HandRight
12 9 HipLeft
13 10 KneeLeft
14 11 AnkleLeft
16 12 HipRight
17 13 KneeRight
18 14 AnkleRight
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Fig. 3 HandLeft three—channel line drawing
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Fig. 5 Schematic of motion capture
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Tab. 3 Matching results
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