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A review of the research on forest volume based on machine learning

HUANG Yuling
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[ Abstract] Forest volume reflects the forest information of forest ecosystem, which is closely related to forest biomass,

biodiversity and carbon storage. It is an important indicator to reflect the quantity of forest resources, and has become the focus of

forestry research. In this paper, firstly, the research progress of forest storage is briefly introduced; secondly, four common machine

learning algorithms and their research progress and achievements are described; secondly, the research of machine learning algorithm

in forest storage is introduced.
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