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[ Abstract] This paper proposes a recommendation algorithm based on knowledge graph representation learning TransH-CF; maps
the entities in the movie data set into corresponding entity vectors through the representation learning method, and embeds them in
the low—dimensional space to calculate the semantic similarity between different movies, and collaboration The filtered calculated
movie similarity is combined to recommend the mixed result to the user. In this paper, the TransH translation method and the
improved item—based collaborative filtering algorithm are combined to make up for the disadvantages of the traditional collaborative
filtering algorithm in calculating the similarity of popular movies, and also solve the disadvantage of the TransE translation method in
one—to—many, many-to—one, many—pair multi-relational modeling. Experimental results show that this algorithm can effectively

improve the accuracy of movie recommendation, recall rate, F value and other evaluation factors.
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