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An reinforcement based game algorithm of Surakarta

WANG Renquan, DING Meng, LI Shuqin, SHI Luying, QI Yizhong, LIU Shuoyan
(School of Computer, Beijing Information Science & Technology University, Beijing 100101, China)

[ Abstract] The author discusses the principle of MCTS-based reinforcement learning. Based on this principle, BP algorithm is

combined, we design a self-learning game playing program of Surakarta. The experiment shows that the methods can improve the

performance of the agent, avoiding design static evaluating function by hand.
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Fig. 1 Iayout of the Surakarta and Opening
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Tab. 1 Feature Representation
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Tab. 2 Policy Network
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Fig. 2 Architecture of Parallel Training
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