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Short-time traffic flow forecasting based on improved CS-WNN
ZHAO Mingjiao, ZHANG Rongfen, LIU Yuhong
(College of Big Data and Information Engineering,Guizhou University, Guiyang 550025, China)

[ Abstract] Urban traffic flow has the characteristics of non-linear change and uncertainty. In order to improve the accuracy of
urban traffic flow prediction, an Improved Cuckoo Search—Wavelet Neural Network (ICS—-WNN) prediction model is proposed.
Firstly, the original traffic flow data are denoised and normalized, then the weights of wavelet neural network and wavelet shrinkage
and translation factors are optimized based on adaptive step size and detection probability of cuckoo algorithm, and the momentum
factor of neural network is added to establish the traffic flow prediction network model. The simulation results show that [CS-WNN
prediction algorithm has higher fitting accuracy and accuracy than several mainstream optimization prediction algorithms.

[ Key words] wavelet neural network; cuckoo search algorithm; short—time traffic flow prediction; adaptive step—size
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Fig. 1 Original data and denoised data
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Fig. 3 Flow chart of Cuckoo Search Algorithm
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Tab. 1 Comparison of evaluation indexes of different models
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Fig. 4 Traffic flow prediction results of various models
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