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[ Abstract] In view of the immediacy, randomness and fragmentation of the content of Weibo, this paper proposes to add the
network popular words, the expression words and the network popular words into the Jieba segmentation lexicon, so as to ensure that
the Word2vec model quantifies the text accurately. The characteristics of microblog texts for contextual semantic association and the
shortcomings of Bidirectional Long Short—Term Memory ( BiLSTM) , which are difficult to converge and have long training time.
BiGRU ( Bidirectional, Gated Recurrent Unit) nerve is used in this paper. The deep features of the Weibo texts of online learning;
the current attentional attention mechanism ( AttentionMechanism ) adjusts the weight of emotional words but ignores the internal
sequence relationship of Weibo. This paper uses the Self—Attention mechanism to synthesize microblogs. The key features in the text
locate the emotional words and adjust the probability weights of the emotional words. Finally, the softmax function is used to
classify. Finally, the experimental method of this paper has a 5.34% improvement over the existing method.
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Tab. 3 Experimental parameter settings
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