®13% £3H 2 B8 it E M5 M A
Vol.13 No.3

202343 A

Intelligent Computer and Applications Mar. 2023

XEHS: 2095-2163(2023)03-0033-06 MR ERS: A

ETREFINERXG= TERIRANEEZHAR

BEE, K, TFT
(IIHKE RESTEIREFERE, I T 212013)

hE 4 %S, U495;TP18;TP391.41

B O MERSRA R ENZ PRI E U REAL S R A Al 231 B — 00, 7 18 I S 38 P D T A AR A
YRR . T ICPRaCE FREE I S 2 (R U RN S0E 2 52 DR R A Y K0S 278 RHA EREEZ N R+
o, AR R IRIE  FEREIX — A, ASCHR 1 —FhoBE T IR EE 2 ) B S 2% 750 T E U B0 o MG R it — s o 7
W BT HOG+SVM H ARG I 7 (2 3005, 552 B 42 R i) 2 45 07 106 , 355 R CININ 5 FRUR 28 0 26 ) 42 o =3 145 52 SR
. SEHESRRM TER IR Z R BN IR T ARSI B B TR BE 2 o) B A2 R U B R B o B R iR

RS MUV TREE T IR SVM; BRI M 4%

Research on license plate recognition
algorithm in complex scene based on deep learning

YANG Jinxin, YAN Xiangyan, WANG Zining

(School of Automotive and Traffic Engineering, Jiangsu University, Zhenjiang Jiangsu 212013, China)

[ Abstract] With the increasing number of cars, license plate recognition has become an integral part of the intelligent
transportation system and played an important role in road traffic control. Due to the complexity of the actual traffic environment, the
traditional license plate recognition algorithm is susceptible to the interference of many factors, such as uneven light and dark, bad
and changeable weather, large inclination angle and so on, which has great limitations. To address this problem, the article proposes
a license plate recognition algorithm in complex scenes based on deep learning. Starting from the general process of license plate
recognition, a target detection and location algorithm based on HOG+SVM is designed to realize the location and screening of license
plates. Therefore, CNN convolutional neural network is used to realize the character recognition of license plates. The experimental
results show that in complex and changeable application scenarios, the license plate recognition algorithm based on deep learning
proposed in this paper has high accuracy and strong robustness.
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Fig. 1 Block diagram of license plate recognition system
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Fig. 2 License plate renderings after preprocessing
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Fig. 3 Block rectangular interval (9 histogram channels)
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Fig. 4 Positive and negative samples for SVM training ( part)
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Fig. 5 License plate tilt correction based on Radon transform
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Fig. 6 License plate character segmentation based on vertical projection
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Fig. 8 Schematic diagram of average pooling
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Fig. 10 License plate recognition results in some complex scenes
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