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[ Abstract] This paper mainly studies the sea level clustering algorithm. Through the comparison and combination with AP

algorithm and MD algorithm, the appropriate density function is used to solve the problem of edge points and missing points, so that

the function and clustering effect of the algorithm can be effectively improved.
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Fig. 1 AP algorithm data
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Fig. 2 AP algorithm classification

preparation results
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Fig. 3 MD algorithm data preparation
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Fig. 4 Edge map of AP algorithm combined with sea level

algorithm
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Fig. 5 Results of AP algorithm combined with sea level algorithm
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Fig. 6 [Edge map of MD algorithm combined with sea level

algorithm
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Fig. 7 Result chart of MD algorithm combined with sea level

algorithm
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