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[ Abstract] In order to solve the problem of detecting the number of parking spaces on the roadside, this paper adopts a method
based on image recognition to convert complex dynamic video information into simple static image information. First, use median
filtering, gamma transformation, and morphological processing to preprocess the image of the region of interest; then use PPHT and
linear clustering to detect parking space marking lines; then use the method of quadratic decreasing image stitching All the parking
spaces on the road section are spliced onto one image, which prevents the wrong detection of the number of parking spaces and
simplifies the processing flow. Finally, the contour extraction algorithm is used to count the parking spaces on the mosaic map. The
proposed method is quantitatively evaluated using parking spaces on four different road sections. The results show that the accuracy
of the method is 98.53% , which is better than previous methods.
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Fig. 1 Overall plan
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Fig. 2 Image preprocessing
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Tab. 1 Linear clustering algorithm
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Fig. 4 Feature point extraction, matching and registration
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Fig. 5 Original stitching image
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Fig. 6 Seam calculation and feather Blending
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Fig. 8 Contour extraction and counting
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Tab. 2 Experimental results of the project
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Total 68 67 98.53%
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