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An indoor mobile robot mapping and navigation method
integrating depth camera and lidar
CHEN Wenyou, ZHANG Wei, Hu Zhi, SHI Xiaofan
(School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)
[ Abstract] In order to solve the problem that indoor mobile robots are easy to encounter obstacles during the navigation process,
this paper proposes an indoor mobile robot mapping and navigation method that integrates depth camera and lidar. The lidar, depth
camera and Odometry are installed in the robot chassis. The method uses the Gmapping algorithm to construct indoor 2D maps, and

uses the depthimage_to_laserscan function package in ROS to perform 2D projection of the depth image at the same time. The
generated 2D grid map is fused with the map built by the lidar. Experiments show that this method makes the established map more

perfect, and improves the ability of indoor mobile robots to detect surrounding obstacles and autonomous navigation.
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Fig. 3 The principle of depthimage_to_laserscan
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Fig. 4 Multi-sensor fusion mapping framework
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Fig. 8 Indoor experiment of robot experimental platform
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